NAC2025%

aanU BQ . _ : . e NSTDA Annual Conference

\i\u:nmmansna sainalulad P'

ads-mnlnanaaau 3

msUs:BuUaEIMSUS:TU donis. ASHA wo

1

dl = o / Q/ QU
i3asdlad1An lkn1TNAIKIZaYA
=~ i 1 o
waztlaanHIngANDIH "

AU WAaBOu

NIV WIANTIV @y’]%LY]ﬂI%Iﬂﬁ‘%’Jﬂ']Wﬁ‘HLLﬂ LMILNBATLUU LA EN

=»

Aa v

naNIa ﬂLwﬂIuIamnmwwmmmﬁiﬁl@nfmmummms
Fl% mwuqfammsuLLawmﬂIuTaﬂmmmmomm

u

N N W AIBAINYIFRATURZLNA Lk LA B LAI TR

26 — 03 - 2568



U1DAISUDUM
LOW CARBON RICE

- utSlumswaadn nIswau
misuanindosinalulagnfudasdodousadou D V| uKdonoolfed

msaanmisUaogMmuiSouns:on uazwaoviuazana NISEnetoL iodAunuas
) \ RiceFit, RiceDeSS

AWD, uruuav, biochar, Bantun, Tsausaa | = NAGA Belt Road,
\ ’ uisula wnav (dnoHauuia)

Dragonfly

wawaago, 21giiuineddu (99-100 3u)
tSTulasouna:uinius:ansnwao

Ou U ua:msasdoau Usudoldametd Climate Change
A WRAUAUYSNITUdU,

viasgiu GAP / SRP,
Carbon Footprint / i TS : VA a0
f—————] Carbon Credit @ S B0 > amemberot NS T DA

UK1INe1aey
nyasAns

amemberost NS T DR

TuloinA 1 Kouwadns 2
H

of IKICE NsUo0nu/n1dc et NSTDEY

A WEIATY, Anuruzuaawusna,
THAILAND RICE SCIENCE < -
RESEARCH HUB OF KNOWLEDGE Us:nnuaotuaqawusud,
MSWAAWAaWUSTIDAUNIWG,
NMistaonwWusSUdNIKUI:aU U1d3uwWy, IsAuuao

T s




NAC2025%s

NSTDA Annual (onference

MSJIULTYDIKISIUAIVYDIAS *

(Food Loss & Food Waste)

UrymmisgryidoonrisiuldudsaiGunnnus:inAtknoiuaAcy

Usuncuvooidgftdoninoimsua:mamsinuasiusuicuigo

tuutu=ANdlanus:audturxiAdIUUIaLAAUDIKISTUKANYWUDR

wWhrknedgae 12.3 aauovilduoinis (food waste) uovlanavAZvKiv

fus:aumdanua:yusina wa:aamsgodideoinis (food loss) TARGET 123 12 S

aanamswaaua:Kkovldgumu soudivmsgouidundonistiutned O
metud w.A. 2573

HALVE GLOBAL PER CAPITA FOOD WASTE




https //www tei.or th/th/article_detail.php?bid=72




NSTDA Annual Conference

MsgulduoImisua:ue:Ins  TEERE
(Food Loss & Food Waste) >

Food Loss Food Waste

msanavyovudasInIsNawIsausinAald MsgodtdeoinistuaopudargupvrdOly
naoakdvIdaUMu Taglawioinisainsums DIMISiUTUCODUNMSUIgUANLA:NMS
uUSInAYDYUUUY uslnA

mMswaa mstiutigs msuussu ua:msyudo MSYaSIKUIg NMSYIY 1a:N1susing

Uodumoinadaualasvasivwusu JAKQKaNOINWOONSSUUDVUUUE iste
WU MSsLAULNeONTUTUS-FNSNW U NMisdvornisuntnuiy
nmsuudavnluad KSoNIsnvoIrIsngvsuUs:Mula

C1DDENY C1DDEND

+  Anwallldor1us:n310uudw « UWIWANYDIMSAKED

.« StUWsIFUMYDINAASWE . AorRnwalbiwsizsUusoliiany

«  JUAMKUQDIYLSDILWSI:UUELAB «  DIMISHUODIYLWS:LAUTSUINULAUTU

Parfitt, J., Barthel, M. and Macnaughton, S., 2010. Food waste within food supply chains: quantification and potential for
change to 2050. Philosophical transactions of the royal society B: biological sciences, 365(1554), pp.3065-3081.




Extreme Events
SDG 1.5
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Pre-harvest/
Pre-slaughter

Harvest/
Slaughter

Global Food Losses Index Food Waste Index
SDG 12.3.1 SDG 12.3.2

l 1

Losses in the FBS

|

|

On-farm Post-harvest/  Transport Processing &
Slaughter Storage Packaging
Operations Distribution

Stages of the Food Systems

Harvest losses
can be added to the index coverage and
measured with crop-cutting surveys

Food Losses Index at the national level
SDG 12.3.1

https //openknowledge.fao.org/server/api/corebitsreams/a551b26f-6d33-4e3e-ba29-122725ebe464/content



Direct
Measurement

Interviews &
Surveys

Mass Balance

Proxy Data

Waste
Composition
Analysis

Participants record food
waste over time.

Weighing and recording
food waste at different
stages.

Collects self-reported
data on food waste
behavior and causes.

Compares food inputs and
outputs to estimate losses.

Uses external data when
direct measurements are
unavailable.

Uses business logs,
inventory records, or
production data.

Physically sorting and
categorizing food waste.

Highly accurate
and reliable.

Scalable, cost-
effective.

Identifies
inefficiencies in
food systems.

Quick, cost-
effective.

Easy to access for
well-documented

operations.

Highly detailed,
useful for
policymaking.

Method | Deseription ————TPros " Tcom ——Thestfr

Provides detailed,
personalized data.

Time-consuming, relies
on participant
accuracy.

Labor-intensive,
requires proper
equipment.

Prone to bias,
underreporting
possible.

Requires accurate
input-output records.

Less accurate, may
not match specific
conditions.

May not capture
informal waste or all
loss types.

Requires time,
expertise, and
resources.

https //www cec .orgffiles/documents/publications/cec_flw_guide_appendix.pdf

Households, food
businesses.

Restaurants, food
manufacturers,
research studies.

Large-scale studies,
policy research.

Food processing,
supply chains,
agriculture.

Large-scale studies,
missing data
scenarios.

Supermarkets, food
manufacturers,
retailers.

Municipal waste
studies, 0

. . CEC
environmental policy.

CCA
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Optimization
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software

Monitoring
Consumer-Focused &
Automation
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L_oil_pal
sub_province
harvest_rear

governental_support

predicted_ loss
N min_yield
max yield
min paim_age
mak_paini_age
farming_aica.
Total_oi;
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replacement
havest cycle_min
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oss. reason_i

B Nigeriapiack

Household_info
Se

Status
Number_of_household_members.
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Number of o paim famers
Number of feguiar worker irea
Fignest

P recicied ioss W
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Todl of

lot_one_area_ral
plot_one_culivailon_pattern
t_one._first_oil_paim_age

jot_ore_f im_r:
plot_one_first_oil_paim_area_rai

Multiple linear regression

LASSO regression (Least Absolute
Correlated values = ™ = Shrinkage and Selection Operator)
* water_source Random Forest

harvest_reaper

trimming_usage Recursive Feature Elimination (RFE)
harvest_reaper | XGBoost (Extreme Gradient Boosting)
loss_percent

transport_vehicel_weight_ton
rans

transport_route

t_time_mins
loss_reason_ripe.
loss_reason_bump.
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loss_percentMLR. RF. RFE, XGB * . water_sourceMR
transport_routeM-R. RF. RFE, XGB * . harvest_reaperMR
provinceRF. RFE, XGB * . transport_station®F
sub_provinceRF- RFE. XGB * . soil_typeX®cB

AgeRF. XcB . min_yieldX¢8
trimming_usageM-R. RFE . yield_latest_ton_per_raiX©8

transport_station_reasonkF- RFE
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